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Multi-scale algorithm of texture feature extraction
based on gray-level co-occurrence matrix
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Abstract: As an important feature, texture feature is very important in the category of Chinese paint-
ing, but the majority of the existing texture extraction algorithms is based on gray-scale information.
To solve the problems in Chinese painting texture extraction classification, a multi-scale, multi-color
domain texture feature extraction algorithm has been proposed. This algorithm combines the advanta-
ges of Contourlet transform and Gray-level Co-occurrence Matrix. In order to extract Chinese painting
features by the new algorithm, the image is first transformed into HSI color space. Then, the three
color components of HSI is extracted to sub-regional operation, which is to extract the texture charac-
teristics of each color component. Finally, three feature vectors are integrated and the dimensionality

of matrix is reduced using Principal Component Analysis. Experimental results show that compared
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with Gray-level Co-occurrence Matrix, the algorithm improves the precision of 7.5% ., re-check rate

increased by 8.7% in terms of Chinese painting classification. The experiment show that the new algo-

rithm presented in this paper is better than Gray-level Co-occurrence Matrix algorithm.

Key words: multi-scale analysis; contourlet transform;gray-level co-occurrence matrix; Chinese paint-

ing
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Fig.2 Decomposition high frequency directional sub-
bands of DFB
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